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ABSTRACT

A Study on Decision Tree

using Linear Combination Splits

Kyung-hye Lee
Department of Statistics
The Graduate School

Sungshin Women's University

A classification tree is a rule for predicting the class of an object from the
values for its predictor variables. The common goal in CART, CHAID, C4.5
and QUEST is to obtain such that in each terminal node is quite pure and
simple tree. Occasionally this cannot be achieved with standard algorithms can
produce large tree structure because they use only single splits.

This thesis introduce a classification tree split criterion that can improve class
prediction. We accomplish this by bivariate linear combination splits. Our splits
are general linear combination split and using golden section splits. This splits are
carried out misclassification costs of the models.

Furthermore, some simulation and real data experiments are performed to
demonstrate the performance of the proposed approach. Our split criterion has
better prediction power and lower misclassification rate than CART single

algorithms.
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