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0= ol (Deng &, 2016).
2 (32)5 ol&3std gAgGS At FAAA - oS 2o

(&85 2] MICE &agl&
FE=1., AR w8 (=1, 0)HA Ao Bato] &S

wEgom 4

Step 1) 6 ~P(0]-\z(,bs,],ég;i])

Step 2) 2( (WSJZ“ v 9t>

mis,—j°
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F71  f18kel  Abbruzzo 5(2019)¢]  AFe  thse]  GBIC

i

AE A

[

(Generalized Bayesian Information Criterion) 7] %< 11¢ 8} o},

7) Wdo] A7t AL WHo] 0] AnE wol FHITHE AL o & APo] AAFF 02 4

7}

_25_



samj)le)_'_log(n) de(/l)

A A~

2.5

—nlog\.@ﬂ—i—ntr(

GBIC(2)

N2 Ao

aEel

2]

B 2,9 0°] ofd

)i #0)

MI((.Q

o] 714 df(2) =)

A el

Agke]

X} O
- =

gHld o7 GBIC 7]39)

A

—~
fife)

il

—_
o

m_.oﬂo

o

of w749

FRAF

2) 98 E 715 % (Inverse Probability Weighting; IPW)

|

fvze)

-

o

el

, 2021)0l A]

=4

(Kolar & Xing, 2012; Park

=
=

)

el

fvze)

-

pa—

0

o

1<i<ml<j<p—

R= (%‘)

B
i

o

2

<ij>1 <jk<p

o) gl A B3

= 7HE@

=

22

=
=

o

P(r;=1lz;) 0 <7; <1)

W
o

A
o

)

7;;

pa—

°
4

oF

z; % UERATH R

J)J
N

ofy

)

o

ZEELE

_26_



~sample 1
Ok = 2T (3.6)
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ABSTRACT

Multiple Imputation Model Selection

for High-Dimensional Missing Data

Yoonah Lee
Department of Statistics
Graduate School of

Sungshin Women’s University

Handling missing data by simply removing them can result in bias or
loss of precision in the results of the analysis. As an alternative, multiple
imputation has been commonly used. However, most of the existing
imputation models do not work well in high-dimensional data due to the
curse of dimensionality. We propose a novel variable selection approach
derived from the idea of graph theory. Our method, which combines
graphical lasso and inverse probability weighting estimator, is a
computationally efficient and flexible framework. We demonstrate that our
proposed method performs comparably or even outperforms the existing
high-dimensional imputation models, namely DURR and IURR, under the

assumption of normality in the simulation studies.
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